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Response to Readers

Reader 1

Presentation:  

We appreciate this comment very much and have completely re-written the presentation of the theory and the paper’s significance along the lines Reader 1 suggests.  

Statistical procedures:

We agree with the characterization of the data set as "difficult" by this reader.  In the revised version we respond to the concerns raised by this reader as follows.

(1) We now describe more clearly the method used to estimate the standard errors of the coefficients.  We use a variant of the standard Huber-White estimator called the robust-cluster estimator (see references in the main paper).  The robust-cluster estimator differs from the standard Huber-White robust estimator in that it is appropriate to situations in which errors may be correlated within clusters (non-zero off-diagonal elements in the errors covariance matrix), in addition to being heteroskedastic (unequal diagonal elements).  We reckon that estimating the coefficients with OLS and the significance with the robust-cluster standard errors is the most conservative approach with this data set, so we use this method for the main tables of results.

(2) As Reader 1 would like to see the OLS and the REM results we also show in an Appendix a comparison of results for the final model using (a) OLS coefficients with robust-cluster t-ratios (same as in main tables, for ease of comparison), (b) OLS coefficients with OLS t-ratios, (c) REM coefficients with REM t-ratios.  Substantive differences among these estimates are discussed briefly at the end of the results section.

(3) We have now clarified the procedure used to select variables to include in models (see under Collinearity in methodological discussion).  We do not simply drop variables with significance below a certain threshold.  We follow the recommended procedure and carry out a test of the joint significance of all (individually) non-significant variables prior to dropping them.  Furthermore, we carry out the joint test using the (optimistic) OLS covariance matrix rather than the robust-cluster covariance matrix, which is a way to "bend over backward" to keep a non-significant variable in the equation.

Minor comments:

1.  We have deleted footnote 5.

2.  ????

3.  Most of these variables would affect redistribution through their effect on the size of the welfare state.  We nonetheless include post industrialism and third world imports in this version of the analysis because of the strong theoretical justifications for doing so in recent work on inequality.  Proportion young has not been found to affect spending in any of the welfare state studies we can cite off hand and certainly it has no robust effect.  

4.  This is true but it has its own problems because tertiary education is not very comparable across countries.  We think the solution we adopt in this draft for measuring human capital is better.  See our comment in response to Reviewer 2 below.  

5.  We see the reader's point here but the alternative measure, the absolute reduction in the gini (ours is the proportional reduction in the gini), has the effect of magnifying redistribution in countries with high degrees of pre tax inequality.  In particular, it would make the countries with high levels of unemployment look even more redistributive than they do with our measure.  Measuring it as pre-post raises the effect of unemployment and lowers the effect of the other independent variables on redistribution.  

6.  We agree but the point is moot because none of the variables appear in the reduced equation.

Reader 2

Major points:

1 and 2.  We have significantly revised the presentation of the theory and tried to clarify the mechanisms by which the power resource variables and Christian democracy affect pre tax and transfer distribution and redistribution.  With regard to redistribution, the essential point here is that our measure of welfare state generosity measures only the magnitude of taxes and transfers.  It does not measure who pays the taxes or who receives the transfers.  Following the hypothesis of Stephens (1979), we expect Christian democracy and social democracy to have different effects on the distributive profile of taxes and transfers.  

2.  Christian democratic welfare states vary in their distributive effect because they vary most of the three welfare state types in the variables which cause variations in distributive outcomes:  welfare state generosity, social democratic government, Christian democratic government, and unemployment.  

3.  Our revised methodological discussion addresses two points made by Reader 2.

(1)  We now explain more clearly that the estimator of the standard errors we use is not the standard Huber-White estimator (which, as Reader 2 notes, addresses heteroskedasticity but not heterogeneity) but rather an extension of it called the robust-cluster estimator (see references in the main paper).  This estimator is appropriate in situations where errors are correlated within clusters (i.e., there are non-zero off-diagonal elements in the covariance matrix) as well as heteroskedastic (unequal diagonal elements).

(2)  We have added an Appendix that includes OLS estimates for the final models for both dependent variables.  (The Appendix also shows the REM results, requested by Reader 1.)  Substantive differences among these estimates are discussed at the end of the results section.

Smaller things:

p. 7  True, but given that, in this redraft, industrial employment appears as a control variable in the pre tax and transfer inequality regression (and it is not significant), detailed discussion of its effect does not seem merited.  

p. 9  This is an important point.  We deal with it in this draft by inclusion of vocational education.  Vocational education measures the extent of vocational skills which are acquired disportionately by those on the bottom and it is also highly correlated with the level of general skills (as measured by the OECD/Statistics Canada study) of the least educated, as we point out in the text.  

p. 17  The methodological discussion has been revised; a related point is that we now show the REM results in an Appendix.

p. 19  The discussion of collinearity has been revised.

Reader 3

1. In this draft, we test the hypothesis that welfare state generosity causes greater pre tax and transfer inequality directly.  It has no effect.  It might be objected that it could have an indirect effect via unemployment as the reader notes.  We do not provide a comprehensive test of this hypothesis because our data are not the most appropriate for this test.  Rather, in the conclusion, we cite the recent work by Bradley (2001) which does offer an exhaustive test of this and associated hypotheses on annual pooled time series data.

With regard to the positive but insignificant effect of left government in model 4, this is due to the high correlation with union density.  While not collinear by conventional definitions, these two variables almost always have opposite signs when included in the same equation in which the dependent variable is a measure of welfare state effort or welfare state outcomes.  In this draft, we do not include them in the same equation.  For what it is worth, neither left government (ß=.15) or welfare generosity (ß=-.06) are significant when added to the final reduced equation in Table 3.  

2. Squaring the findings with Huber and Stephens (2001).  First, the findings are not as discrepant as the reader suggests.  Based on their case studies, Huber and Stephens nuance their statistical finding and argue that there is a decline, but not a disappearance of the effect of partisanship on welfare state outcomes.  That said, it is true that most of the variation in redistribution is explained by cross sectional differences in left government.  The reader's interpretation of this is plausible but we are unable to say anything conclusive because that could be in part, perhaps in large part, a product of the fact that the data set is cross sectionally dominant (14 countries, average # of time points = 4.4).  In this regard, it is worth observing that in all of the Nordic countries there is a trend toward more redistribution which continues to the last data point.  

3. Trending the government partisanship variables.  The correlation of time with Christian democracy (.18), social democracy (.18), redistribution (.27), and pre tax and transfer inequality (.46) suggests that this could pose a problem only in the case of pre tax and transfer inequality and there we do not find partisan effects anyway.  

4. "Welfare state effort" variable.  We accept the reader's suggest and exclude pension from transfer payments.  

5. Additional control variables.  We include corporatism (bargaining centralization) in the analysis.  The voter turnout finding is not very robust.  Huber and Stephens (2001), for example, find no significant voter turnout effect on any of their eight dependent variables despite the relatively large n.  In the interest of keeping the number of independent variables down in an analysis already plagued by multicollinearity, we limit ourselves to independent variables that have proved robust in previous analyses of social spending.  

6. Full path diagram.  The problem with presenting a path diagram for pre tax and transfer inequality is that no independent variable dominates the analysis as the welfare generosity variable does in the case of redistribution.  

Smaller points:

The countries and years are now listed in Table 2.

Since we include both metric and standardized coefficients, adding ts or ps would make the table very busy.  However, if the reader insists, we will add the ps.  

Past literature has had contradictory findings about the effect of rising female labor force participation on inequality.  Since we find no effect in our reduced equation, it does not seem worthwhile to enter into a discussion of that literature.  

To save space we have pared down our lengthy discussion of the LIS data.  In the process, we deleted the sentence which this reader found problematic.  Our present summary sentence certainly reflects the prevailing scholarly consensus on the quality of the LIS data:  "The LIS surveys provide the best available comparable cross-national, over time data source for income in OECD countries."  The deleted sentence simply cautioned the reader that no income distribution data, not even the LIS data, is free from errors.  It is not true that a national source would be more accurate for longitudinal change (though one might be able to get more data points from a national source).  

The Mahler et al. study does not 

